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METOJAUKA ITOIIYKY ACOHIATUBHUX ITPABNJI

3 nossoro eeruxux 06°cmie ingopmayii, wo 36epicacmvcs, AKMYAIbHUMU CMATU 30004,
noe’s3amui 3 HeoOXioHicmio ix obpobKu. Jlani, wo HaAKORUYYIOMbCA, XAPAKMeEPU3YIOMbCsi HeGNOPIOKO-
BAHICTNIO A HECMPYKMYPOBAHICMIO, KOJIU KOJNCHA 0OUHUYSA 30epicants He Modice OYmu npeocmasiiena
CKIHYEHHOI0 KiNbKicmio 03HaK. [[is 00pobKU 6eIUKUX MACUBIE HECIPYKMYPOBAHUX OAHUX 8 OCMAHHI
POKU WUPOKO SUKOPUCMOBYIOMbCA MEMOoOU NOULYKY acoyiamusHux npasull. Ilpobnema nonaeac 8 mo-
MY, WO KINbKICMb MONCIUBUX AcOyiayill 3i 30ibUeNHAM KITbKOCTI NPeOMemia Y KOJHCHIL 3 MpaH3axK-
Yill 30i1bUWYEMbCSl eKCHOHEHYIANbHO Ma NompeOye 3HaUHUX obyucirosarpbrux sampam. Tomy 6 npoye-
ci popMYBaHHA ACOYIAMUBHUX NPAGUTL WUPOKO BUKOPUCOBYIOMbCS MEMOOUKY, Wo 0aroms 3MO2y
SMEHUWUMU KiTbKiCmb acoyiayill, sIKi LOmpiOHO NPOAHANI3Y8aMmu.

Y pobomi 3anpononosano nioxio 0o gopmyeanns eubipku npeomemis, HauOIIbW XapaKmepHux
OJisl CRPOWEHO20 MACUBY MPAH3AKYIL, HA OCHOBIL SIKOI (DOPMYIOMbCS Acoyiamueti OIHAPHI BIOHOUIEHHS.
ma po3paxo8yiomvCs iX XapakmepucmuKky 018 6USHAYEHHSA MO20, YU € MaKi 8iOHOUEeHHA NPABUIAMU.
g yvbo2o cnouamky mMacue CmucKyemvesi 3a 00NOMO2010 HOULYKY MPAH3AKYIL 3 00HAKOBUMU NPeOMem-
HUMU HAOOPAMU 3 BUKOPUCTHAHHAM BIOHOUIeHHS eKsigaienmuocmi. [lomim, 015 8UAGIEHHS MPAH3AKYIN 3
npeoMemamil, Wo Yacmo NOGMOPIOIOMbCSL, GUKOHYEMbCSL NONAPHULL epemuH npeoMemHux Habopis.

Knrouoei cnosa: mpanzaxyis, acoyiayii, acoyiamusHi npasuia, Macug OaHux.

Beryn. Huni y 3B’s3Ky 31 HIBUAKUM 3pOC-  TYPOBaHHUX JJAHUX B OCTAHHI POKU IIUPOKO BUKO-
TaHHAM 00’eMiB iHQOpMaIii, mo 30epiraeTbcs, PUCTOBYIOTHCS METOAU IMOLIYKY acoLiaTHBHUX
BHHHKAIOThH 3aJ1ayi, IMOB’sA3aHi 3 HEOOXITHICTIO 1X  TPaBWI, IO JO3BOJISIOTH BHSIBJIITH HOBI 3aKOHO-
00pOoOKH 3 METOIO MOITYKY HOBHX 3aKOHOMIPHOC-  MIPHOCTI THITy <«SKIIO YMOBa, TO HAacCIiJIOK».
TEH Ta BCTAHOBJICHHS 1 BUSBJICHHS HOBUX 3HaHb. HaHmpoCTIINE alropuTM MONIYKY acOIliaTHBHHIX
Taxi 3amadi 3’SBISIFOTHCS HA MPOMUCIOBHX IiJ-  TPaBHUJ PO3TIISIIAE BCl MOXIIMBI KOMOiHaIlli yMOB
MPUEMCTBAX, & TAaKOXK B OPTaHi3amisX, IO 3a- Ta HACHIJKIB, OLIHIOE IJIsI HUX MIATPUMKY Ta
HMAaIOThCS PO3APIOHOI0 TOPTIBIICIO, (PIHAHCOBUM  JOCTOBIPHICTh, a MOTIM BUKJIFOYAE BCi acolialii,
aHaJli30M, JIOTICTHKOI0 Ta KOMyHikariismMu [1]. 1[0 He 33J0BOJLHSIOTH 33aHUM OOMEKCHHSIM.
Jlns aHamizy JaHWX IMUPOKO BUKOPHUCTOBYIOTHCS [IpoGyema TyT mojsirae B TOMY, IO KiJlb-
METOAM LITYYHOTO IHTENEKTy (HEUiTKi Mojeni, KiCTh MOXIIMBHX acCOILialiif 31 301IbIIEHHAM KiJlb-
HEHPOHHI MEpexKi, JepeBa pillieHb, OaleCiBChbKI  KOCTI MPEAMETIB Y KOXKHIH 3 TpaH3aKIlii 3011b-
MEpexi Ta iH.), OJIHAK TaKi METOJH, SIK MMPABUJIO, IIYETHCS EKCIIOHEHINAIbHO Ta MOTPedye 3HAUHUX
BUKOPHUCTOBYIOTECS Il OOPOOKH CTPYKTYpOBa-  OOYHMCIIOBAIBLHUX 3aTpaT. Tomy B mporeci Gop-
HUX JIaHUX, 10 MPEACTABISIOTHCS y BUTJIAAI  MYBaHHS acOI[iaTMBHUX NMPaBWII HIUPOKO BUKOPH-
MAacCHBIB, AKi MICTSATh 3HAYEHHS O3HAK Ta BUXiI- CTOBYIOTHCS METOAMKH, IO JAIOTh 3MOTY 3MEH-
HUX JIAHUX [apaMeTpiB €JEeMEHTIB BHOIPKM Ja- I[UTH KUIBKICTh acolliamii, siki MOTpiOHO Tpo-
Hux [2-4]. aHaJi3yBaTH.

VY Toif ke Yac NaHi, 10 HAKONUYYIOTHCS, AHnaji3 ny0Jikaniii Ta OCTaHHIX HOCST-
XapaKTepU3YIOThCS HEBIOPSIKOBAHICTIO Ta He- HeHb. Y Hu3Li myOumikarii [5-10 Ta inH.] po3ris-
CTPYKTYpPOBaHICTIO, KOJTM KOKHA OAMHUISI 30epi-  JaroThCs MUTAHHSA PO3POOKHM METOMIB, METOIHMK
TaHHs HE MOXe OYTH MpeACTaBiIcHa CKIHUCHHOID Ta AJTOPUTMIB TOIIYKY aCOIiaTUBHUX IPaBUIL
KijbKicTiO o3Hak (arpuOytiB) [1]. Taki mami Tak, y poGorti [1] BUKOHaHHI TOCTaTHBO TIIUOO-
TPEJICTABIISIOTh, K TIPABHJIO, Y BUTJISIII TpaH3aK- KU OTJIST ICHYFOUUX IMiJXOJIB JUIS MOIIYKY YHC-
i (MHOXHWHA TOIH, MO Bi0OYyBAIOTECS OJHO-  JIOBUX, y3araJbHEHHX, YACOBUX Ta HEUITKHX aco-
yacHo). [ 0OpoOKH BEIMKHX MACHBIB HECTPYK-  ILIATMBHUX MpaBuil. PoOoTa [5] npucBsiueHa mopis-
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HSUTBHOMY aHajli3y iHCTpyMEHTapilo MOLIYKY aco-
miatuBHuX mpaBun (anroputmu  Apriori, DHP,
Partition, DIC Ta in.). B po6ori [8] posrasmaerses
3aCTOCYBaHHS aJITOPUTMIB acCOLaTUBHUX MPaBHI
JUTSI TIPUKJIAHOL 3a/1advi, TOB’S3aHOI 3 MPOIaKeM
TOBapiB OyIIBEIBLHOI raTys3i.

PoGora [6] mpucBsyeHa koMOiHOBaHOMY
3aCTOCYBAaHHIO acOLIaTUBHOTO aHANi3y Ta METOAY
JIEpPeB pillleHb JJIS BHPIIICHHS 3a7ad SKOHOMIY-
HOI ramy3i. B 1ijomy ciig Bi3HAYUTH, IO CY-
YacHi 1HCTpyMEHTaJIbHI 3aco0u MOIIyKY acomia-
THBHUX TIPaBWJI — TaKi, HAPUKIad, sk APriori,
Apriori Scale ta iH. — 0a3ylThcs Ha MOOYIOBI
BepOaTbHO-YMCIIOBUX Jiana3oHiB (HOpMa, BHIIE
HOPMH, HIKYE HOPMH) 3HAYCHb IPEIMETHHX
Ha0OOopiB, IO CTAHOBIATH TpaH3akiii. [IpoTe moB-
HICTIO MPOOJIEMY TOIIYKY aCOI[iaTHBHHUX TPaBUI
ICHYIOUYi METO/IM Ta aJITOPUTMHU HE 3HIMAIOTh, 110
norpedye po3poOKH HOBHX MIAXOIB 1 pIllIeHb.
OnuH i3 MOXJIMBHX TaKHX ITiJIXO/IB PO3TIISHYTO
B I[iil poOOTi.

Merto10 podoTu € po3podka METOAUKH II0-
HIYKY acolliaTHBHUX TpaBHJ Ha OCHOBI IoIepe/l-
HBOTO aHAJ3y 1 CTUCHEHHS MAacWBY TPaH3aKIIiH,
M0 MPEICTABISAIOTH Pi3HI MPeAMETHI Habopu.

Buxnan ocuoBHoro marepiamy. Hexaii

MaeMO MacuB TpaH3aKIlii
I.=T,T, . Ty, .., Ty,, WO TpeICTaBICHUI
BiJIMOBIAHUMHU MIpeIMETHUMHU Habopamu
X1, X5, ., X, ..., X;,. Ha mepmomy erami Taxuit

MacuB MOXe OyTH CTHCHEHWH 3a IOTIOMOTOIO
MIOITYKY TPAH3aKIlii 3 OJHAKOBUMH TPEIMETHU-
MU Ha0OpaMH 3 BHUKOPHCTAaHHSIM BiJHOIICHHS
ekBiBajieHTHOCTI (~), Hampukiam, (X, « X3 -
Xe) = X5. Toni BUXiTHHI MacHB MaTHME BUIJIST
X1,X3, .., Xj, oo, Xpp. Jami ans BUSIBIICHHS TpaH3-
aKIlii i3 mpeaMeTamMu, 0 YacTO MOBTOPIOIOTHCS,
BUKOHYETHCSl TIOMAPHUN TEPETHH MNPEIMETHHUX
HabopiB XinXe, XinX;,..,XynXp; X5 N
X;, X5 N X, X; N X,,. 3a pe3ynpratamMu OTpUMa-
HUX IEPETUHIB MOXxe OyTu cpopmoBaHa BHOIpKa
MPEeAMETIB HAHOUIBIT XapaKTepHUX IJIsl CIIPOIIe-
HOI'O MacHMBY TpaH3aKILil, Ha OCHOBI sKOi ¢op-
MYIOTbCSI aCOILIaTHBHI OiHAPHI BiJHOIICHHS Ta
PO3pPaxOBYIOThCS IX XapaKTEPHCTUKH I BH3HA-
YEHHSI TOTO, YH € TaKi BiJHOIICHHS IIPaBUIaMH.

PosrnssHeMo 3anponoHOBaHMIA MiAXiX Ha
HacTynHOMy mnpukiani. Hexali Bukonano n=10
tpanzakuiid (7,) 3a BHXIJIHUM IMPEIMETHUM Ha-
O6opom X, obcsrom M=12 npeamMeTiB:

Xy =
{x1,%2, X3, X4, X5, X6, X7, Xg, X9, X10, X11, X12}-
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OTpuMaHi Mpu BOMY TPaH3aKIlI MalwTh
HACTYIHUUN BUTJIS;

Trl:Xl = {erXer6};

Ty Xy = {1, x3, x5, xg};

Ty X3 = {x4, X5, X6, X7, Xg, Xo};
Tryi Xy = {x1,x3, x5, x8};

Trg: X5 = {x2, %5, x6};

Tr i X6 = {x3, X4, X5, X, X9, X11};
T, X7 = {x3, x5, %6},

Trg: Xg = {X7,Xxg, X9, X10, X12};
Trg: Xg = {x1,x3, x5, xg};

Tr10i %10 = {x7,xg, X9, X10, X11, X12}.

[TpumnycTiMo, 10 B 3arajbHy KiTbKiCTh
peaAMETHUX HaO0OpiB X; MOXYTh BXOAWTH Ha0O-
PH SK 3 OJHAKOBUMU MPEAMETAMH, TaK 1 3 PI3HIM
acopTuMeHToM mpeametiB. Toxi mepina miarpyna
TpaH3aKIid Moke OyTH 00’€THaHA BiHOIICHHIM
€KBIBAJICHTHOCTI. B HammoMy mpuKIIazi e HacTyII-
Hi Tpamzakiii: X7 = (X; - X5~ Xy) 12 X; =
(X, -~ X4 ~ Xy). lle nae MOXKIMBICTH 3MCHIIUTH
3arajipHy KUIBKICTh TpaH3akuii 3 10 go 6:
X1, X5, X3, X6, Xg, X1p. 3 METOIO BHUSBICHHS Mpe/I-
METIB, 10 HaifuacTille MOBTOPIOIOTHCS B Iepepa-
XOBaHUX MpPEIMETHUX HA0Opax, BHKOHAEMO iX
MOMAapHUN MEPETHH:

X1 N X3 = {xz,%5,%6} N {x1,x3, x5, %8} =

{xs};
XI ﬂX3 ==

{x2, x5, x6} N {x4, x5, X6, X7, X5, X9} = {X5,X¢};
XI N X6 ==

{x2, x5, %6} N {x3, %4, X5, X6, X9, X11} = {X5, X6 };
X}j ﬂXg =

{x2, %5, %6} N {x7, Xg, X9, X10, X12} = @;
XI N XlO ==

{x2, x5, x6} N {x7, x5, X9, X10, X11, X12} = O;
X; ﬂX3 =

{x1,x3, x5, x5} N {x4, x5, X6, X7, Xg, Xo} =
{xs, xg};

X;NXg =
{x1,x3, x5, xg} N {x3, X4, X5, X, X9, X11} =
{x3, x5}

X;NXg =
{x1,x3, x5, x5} N {x7, X5, Xo, X10, X12} = {xg};

X3 N X109 = {x1, %3, x5, X5} N
{x7,xg, X9, X10, X11, X12} = {xs}:

X3 N Xg = {x4, x5, Xg, X7, Xg,Xo} N
{x3, x4, x5, X6, X9, X11} = {x4, X5, X6, X0},

X3 N Xg = {x4, X5, X6, X7, Xg, X9} N
{x7,xg, %9, X10, %12} = {x7, X5, Xo};

X3 N X10 = {x4, X5, X6, X7, Xg, X9} N
{x7, %5, X9, x10, %11, X12} = {x7, x5, X0}
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Xe N Xg = {x3,%X4, X5, Xg, X9, X171} N
{x7, x5, X9, X10, X12} = {xo};

X6 N X1 = {x3, X4, X5, X6, X9, X11} N
{x7, x5, X9, X10, X11, X12} = {x0, X11};

Xg N X190 = {x7,Xg, X9, X10, X12} N
{x7,xg, X9, X10, X11, X12} = {X7, Xg, X9, X10, X12}

O0’enHaBIIN pe3yIbTaTH OTPUMAHHX TIepe-
THHIB, MO>KHa OTPUMAaTH BHOIpKY MpeAMETiB, IO
HaWJacTiIne 3yCTPidaroThCs B TPAH3AKITISIX.

X = {x5} U {x5,x6} U {x5, 6} U
{xs5,xg} U {xx3, x5} U {xg} U {xg} U
{x4,%s5,%6, %9} U {27, xg, X9} U {x7, X5, X9} U
{xo} U {xg, 11} U {x7, xg, X9, X10, 12} =
{x3, %4, X5, X6, X7, Xg, X9, X10, X11, ¥12}.

Bu3HaunMo 4YacTtoTH f TOSIBU €IIEMEHTIB
BUOIpKH X B yCiX OTPUMAHHX ITEPETHHAX:

f(x3) = 0,06;
f(xg) = 0,06,
f(xS) = 0'41
f(xe) =0,2;
f(x7) =0,2;
f(xS) = 0'41
f(x9) = 0'41
f(x10) = 0,06;
f(x11) = 0,06;
f(x12) = 0,06.

Buxozsuu 3 poro, MO>XHa 13 MHOXKUHHA X
BUAUTUTH TiAMHOXHMHY Y © X mpenmeTis, sKi
HalyacTile 3yCTpivaroThes: {Xs, Xg, Xg}, IO
JO3BOJIAIOTH CPOPMYBATH HACTYIHI OiHapHi aco-
miamii: x5 — Xg; Xg = X5, X5 = Xg; Xg — Xs;
X9 = Xg; Xg = Xo.

Jlns aHamizy oTpuMaHuX OiHAPHUX acolfia-
i CKOPHCTAEMOCS HU3KOIO XapaKTEPHCTHUK, IO
BKa3ylOTh HAa HAsBHICTH Yy HHX MOXIIMBHX
3B’s3kiB [11, 12]:

1. IlinTpuMKa acoIliaTUBHOTO TIpaBHJIa —
e KUIBKICTh TPaH3aKMLil, 10 MICTATH SIK YMOBY,
Tak 1 Hacmimok. Hanpuknmax, nmns  acomiarii
X; = Xj MOKHA 3aIUCATH:

S(x; = x) =P(x; Nx;) =

KIBKICMb MPAH3AKYIUL,W0 MICMAMb Xi ma X j

3a2anbHaA KiNbKiCms Mpan3akyitl

2. JIOoCTOBIpHICThH acOI[IaTHBHOTO MpaBuUIIa
X; = X;j sBIs€ COOOK Mipy TOYHOCTI MpaBuia i
BU3HAYAETHCSA SK BiTHONIICHHS KUTBKOCTI TpaH3-
aKIIii, MO MICTATh i YMOBY, 1 HACTIIOK, IO KiJlb-
KOCTI TpaH3aKIlii, 0 MiCTATh TUTbKA YMOBY:
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P(xiNxj)
P(xy)
KINbKICMb MPAH3AKYIL, W0 MICIMAMb X Md X Ji

C(xl- d xj) =

KIIbKICMb MPAH3aKYIl,uWo Micmsams Xi

SIkImo miaTpuMKa M TOCTOBIPHICTH JOCTAT-
HBO BEJIMKi, MOXXHa 3 BEJIHMKOI HMOBIPHICTIO
CTBEP/XKYBaTH, 10 Oylb-sKa MaiOyTHS TpaH3aK-
Lisl, 0 BKJIIOYA€E YMOBY, Oy/A€ TAKOX MICTUTH i
HaCITIOK.

3. JlidT (opuriHaibHa Ha3Ba — KIHTEPECH,
TaKOX 3yCTPIYa€EThCS TEPMIH «IOKPAIICHHS») —
II¢ BIJIHOIIGHHS YacTOTH MOSBH YMOBH B TpaH3-
aKIigX, [0 TaKOX MICTSITh 1 HACIIIOK, 10 4acTO-
TH TIOSIBH HACIIJIKY B IITOMY:

C(xi—x;j)
S(xj)

BBakaeThcs, 1110 TQT € y3aralbHEHO Mi-
poOI0 3B’SI3KYy IBOX MpEeIMETHHX Ha0OpiB: MpU
L > 1 38’5130k no3utuBHUH, npu L = 1 3B’s130K
BiJICYTHIH, a ipu L < 1 — 3B’S30K HETaTUBHUIA.

4. JleBepemx — IIe PI3HUIIT MiXK 9aCTOTOIO,
3 SKOI0 yMOBA Ta HACIIJOK 3 SBJISIFOTHCS CITLIBHO
(ToOTO MiATpPHUMKA acoIliailii), Ta JOOYTKOM YacTOT
TMOSIBY TiATPUMOK YMOBH Ta HACIIIKY OKPEMO:

T(x; = x) = S(x; = x5) — S(x;) * S(x;).

JlipT Ta neBepemx MOXYTh BUKOPHCTOBY-
BaTUCS IS TOJAIBIION0 OOMEXEHHS HaOopy
acolraii, mo po3risIIAITCS, IUITXOM BCTAHOB-
JIEHHSI TIOPOTY 3HAYUMOCTI, HIDKYE SKOTO acollia-
il BIOKUOAIOTHCS.

[IpoBeneMo po3paxyHOK TEepEepPaxOBaHUX
MOKA3HUKIB JUIsl OTPUMAHUX aCOLIaTUBHUX Mpa-
BUI (X5 = Xg):

S(xs — xg) = 04;

L(XL' g x]) =

C(xs —» xg) =0,5;
C(xs>xg) _ 0,5 .
L(xs > xg) = =t % = 2= 0,83;

T(xs = xg) = S(x5 = xg) — S(x5) *
S(xg) =0,4—0,48 = —0,08.

1. (xg = x5):
S(xg = x5) = 04;
C(xs - XS) = 0,66,
_ Clxg—oxs) _ 0,66 .
L(xg = x5) == 5% = 15 = 0,825;

T(xg = x5) = S(xg = x5) — S(xg) *
S(xs) = 0,4 —0,48 = —0,08.

2. (x5 = x9):
S(xs = x9) = 0,2;

_ Clxsoxg) _ 0,25 _ .
Lxs = x9) = = =% = 37 = 0,625;

T (x5 = x9) = S(x5 = x9) — S(x5) *
S(x9) =0,2-0,32=-0,12.
3. (xg = x35):
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S(xg = x5) =0,2;
C(xg = x5) = 0,5;

C(X9—>XS) — 22 0 625
S(xs) 0,8 ! !

T(xg = x5) = S(x9 > x5) — S(xg) *
S(x5) =0,2-032=-0,12.

4, (xg = x9):

S(xg = x9) =0,3;

C(xg = x9) = 0,5;
Clrgoxo) _ 05

S(xo) 0,4

L(xg = x5) = 00

L(xg = xg) = = 1,25;

Tabmums 1 — IlokazHUKH aconiaTUBHUX MPaBUJI

T(xg = x9) = S(xg = Xg9) — S(xg) *

S(x9) = 0,3 —0,24 = 0,06.

5. (%9 = xg):

S(xg = x3) =0,3;

C(xg = xg) = 0,75;

C(xg9—xg) _ 075 _ 1,25:
S(xg) 0,6

T(xg = xg) = S(xg = xg) — S(x9) *

L(xg = xg) =

S(xg) =0,3—0,24 = 0,06.

OtpumaHi pe3yibTaTH 3BeAeMO B Tab-

o 1.

Acormiarii S C L T
X5 = Xg 0,4 0,5 0,83 -0,08
Xg = Xg 04 0,66 0,825 -0,08
X5 = Xg 0,2 0,25 0,625 -0,12
X9 = X3 0,2 0,5 0,625 -0,12
Xg = Xg 0,3 0,5 1,25 0,06
X9 = Xg 0,3 0,75 1,25 0,06

Ha ocHOBi oTprMaHHX pe3yNbTaTiB MOXKHA
TOBOPHTH TPO Te, IO TUILKY JBi OiHapHi acoria-
il (xg = xg9) Ta (X9 = Xg) MOXYTh OyTH BiJHE-
CEHI JI0 acOIiaTUBHUX TIPaBHIL.

BucnoBok. ba3za TpaH3akuiii Ha To4aTKO-
BOMYy eTarli i ¢opMyBaHHS sIBIIsiE COOOI0 MAacHB
HEBITOPSITKOBAHNUX JAaHHX, IO TTOTPEOYIOTh CBOET
CTpyKTypH3amii 1 kmacudikamii MmO KiTBKOCTI
npeAMeTHUX HAOOpiB. Y 3B’3Ky 3 UM y poOoTi
3alpolOHOBaHAa METOJMKA TMOIIYKY acoLiaTHB-
HUX TIPaBWJI, B OCHOBI SIKOi JIEKaTh MPOLETYPH
«CTHUCHEHHS» BUXIJHOTO MAacWBY TPaH3AKI[H 110
ix 3ammcy B 6a3y JaHHX.
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METHOD FOR ASSOCIATIVE RULES SEARCH

With the appearance of large volumes of stored information, the tasks related to the need of
their processing become urgent. Artificial intelligence methods are used to analyze various kinds of
data. Accumulating data is characterized by disordered and unstructured data when each storage unit
cannot be represented by a finite number of features. In recent years, associative rule search methods
have been widely used to process large arrays of unstructured data. The problem is that the number of
possible associations with the increase of the number of items in each of the transactions increases
exponentially and requires considerable computational cost. Therefore, in the process of associative
rules formation, the techniques, which allow to reduce the number of associations that need to be ana-
lyzed, are widely used.

The purpose of this work is to develop a methodology for finding associative rules based on pre-
liminary analysis and compression of an array of transactions representing different subject sets.

The paper proposes an approach to the formation of a sample of items most characteristic for a
simplified array of transactions, on the basis of which associative binary relations are formed and
their characteristics are calculated to determine whether such relations are rules. To do this, the ar-
ray is first compressed by searching for transactions with the same subject sets using an equivalence
relation. Then, to detect transactions with recurring items, a pairwise intersection of the subject sets is
performed.

At the initial stage of formation, the transaction database is an array of disordered data that
needs to be structured and classified by the number of subject sets. As a result of research, the paper
offers a method of finding associative rules, which are based on the procedures of "compressing” the
original array of transactions to their entry in the database.

Keywords: transaction, associations, associative rules, data

array.

© L. 1. KoBanenko, €. O. laBunenko, A. B. [IIsex, 2019
DOI: 10.24025/2306-4412.3.2019.176909

55



	I. I. Kovalenko, D. Tech. Sc., professor,
	Ye. O. Davydenko, Ph. D. (Eng.),
	A. V. Shved, Ph. D. (Eng.)
	68 Desantnykiv str., 10, Mykolaiv, 54003, Ukraine

